Using Visualization to Explore Original and Anonymized LBSN Data
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Tasks for exploring the original LBSN dataset Data| P| P2§P3 P4 P5 Pé

T1 | Identify the popularity of members based on the number of social connections,

T2 | Identify the co-located check-in paints.

T3 | Identify the co-located check-in points occuring at about the same time.

T4 | |dentify a person’s favorite lacations based on the number of check-ins within her location trajectory.
T5 | What is the most/least popular location among members?

Té | Is there any correlation between social connections and check-in points?

T7 | Is there any pattern in terms of the check-in behaviour of an individual?

T8 | Compare the check-in behaviour of two (or more) friends.
T9 | What is the trajectory of an individual based on location type! (e.g., home, hospital, home, shopping mall)

T10| Order check-in points according to their occurance time.
T1 1| What is the temporal frequency of location check-ins for an individual?
T12| Are there any outliers in the sequence of declared locations of a person?

Tasks for exploring the anonymized LBSN dataset

T13| |dentify the data loss in the social graph (e.g., amount of adeleted edges).

T4/ Identify the data loss in the location trajectory of each individual (e.g., movement of anonymized point vs original ones). i

T 15| For which cases the data utility was/wasn't well preserved!?

T16| Compare different (two or more) anonymization algorithms in terms of data utility.
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T17|Is there a correlation between morefless social people and their data utiliy?

T18|1s there a correlation between people who have morefless check-in points and preserving their data utility?
T19| Which location types (ie.g., hospital, shopping center) preserved after anonymization?

N |

T20] Is there any outliers for co-located data after anonymization? (e.g., co-located points mapped to different locations)
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Selecting a check-in(CI), highlights the
peoint, its co-located points, owner nade,

and friendship arcs of owner node Mouse hovered node:detail
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Arrow indicates off-screen
co-located points
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SocialArcs

Each circle represents
one person
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Each circle represents ene check-in
point with size showing its frequency
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Anonymized SocialArcs
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